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We propose a fast and robust approach to the detection of moving objects. Our method is based on using

lines computed by a gradient-based optical flow and an edge detector. While it is known among researchers

that gradient-based optical flow and edges are well matched for accurate computation of velocity, not much

attention is paid to creating systems for detecting objects using this feature. In our method, extracted edges

by using optical flow and the edge detector are restored as lines, and background lines of the previous frame

are subtracted. Contours of objects are obtained by using snakes to clustered lines. The experimental results

on outdoor-scenes show fast and robust performance of our method. The computation time of our method

is 0.089 s/frame on a 900 MHz processor.
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Fig.1. The flow of detection of moving objects.
(a) Original image. (b) Moving region by opti-
cal flow. (c) Moving edges. (d) Restored lines.
(e) Background lines of the previous frame are sub-
tracted. (f) Convex hull. (g) Finally detected con-
tours.
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Fig. 2. Results of the detection. (a) carl. (b) pedestrianl. (c) car2. (d) car3. (e) pedestrian2.
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(a) carl. (b) pedestrianl.
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Table 1. The Composition of Edges(%).

Objects Masked Edges Background Edges Others
(a) | 11.9 74.2 13.5 0.4
(b) | 4.0 78.7 17.2 0.0
()| 53 90.1 4.5 0.1
(dy| 90 - 78.1 12.6 0.3
()| 1.7 88.7 9.6 0.0
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